Economic Evaluations and Partisan Faultfinding:
When are Americans Most Likely to Answer Survey
Questions Honestly?

This paper introduces a simple framework for understanding which survey
questions are more likely elicit political identity-influenced responses. We use daily
data from Gallup to test which survey self-reports exhibit more or less susceptibility
to politicization, finding the highest likelihood of politicization for macro-social
questions. Conversely, we show that self-reported assessments of personal finances
are less sensitive to partisan motivated responding. Taken together, our results uncover
scope conditions for how to interpret self-reported views of the economy, and argue
that measures of public opinion which have not yet been strongly politicized are better

proxies for capturing the underlying welfare of the public.
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Introduction

Partisan attachments and polarization of the American electorate have been blamed
for political intolerance (Sydnor 2019), animosity (Iyengar and Westwood 2015; Mason
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2018), biased information processing (Jerit and Barabas 2012), negative stereotyping
(Pew Research Center 2022), abandonment of democratic principles (Graham and Svolik
2020) and even support for political violence (Kalmoe and Mason 2022).! Therefore,
accurately measuring the extent to which citizens are prepared to follow their own party’s
stances and evaluations — rather than making ‘honest’ or fair assessments of, e.g., national
economic conditions — is a first-order task for social scientists. On the flip side of this
coin is the desire of pollsters and the scientific community to reliably measure individuals’
true beliefs and experiences. To the extent that partisan identities dominate the cognitive
processes by which survey responses are recorded (Enns, Kellstedt, and McAvoy 2012),
survey self-reports of economic or social welfare are unreliable proxies for notionally

objective facts-on-the-ground.

Implicit in the preceding description of the concern with the accuracy of politicized
survey responses is the assumption that partisan bias is somehow insincere. Perhaps
a partisan doesn’t actually think that the economy is doing any better today under her
newly elected co-partisan president than it was yesterday when the country was in the
waning hours of an out-partisan leader: contrasting positions on this issue can be found
in Gerber and Huber (2010) vs. McGrath et al. (2017). Alternatively, it seems plausible
that politicized responses can be viewed as boundedly rational, wherein partisans rely on
heuristics to rationally assume that, since their co-partisan leader is aligned with them
on specific high-salience issues, they will surely be a better steward of public welfare in

general.

The literature remains divided about the strength of politically motivated reasoning,
or political cognition more broadly. Partisan identities are sometimes described as
paramount (Achen and Bartels 2016), the effects of political elites’ positions on their
voters’ perceptions as strong (Bisgaard and Slothuus 2018), neural polarization in narrative
processing has been documented in a brain imaging study (Leong et al. 2020), and it has
been argued that “party allegiances unconsciously bias cognition by generating motivations
to advocate for party interests” (Williams 2023).2 In psychology, emphasis tends to be
placed on how political predispositions may shape information processing (Kahan 2016),

1But see Westwood et al. (2022).
2See also Sears et al. 1980, and Arceneaux (2008).



while the political science literature stresses the importance of cues from party leaders
(Lenz 2013).

Despite this mounting evidence, numerous studies have also found that citizens
can be induced to form accurate beliefs (Bolsen, Druckman, and Cook 2014; Bullock
et al. 2015; Prior, Sood, and Khanna 2015; Robbett and Matthews 2018), and recent
evidence suggests that respondents process informative messages independently from
countervailing cues from political elites (Tappin, Berinsky, and Rand 2023). Other
experimental findings also suggest that partisans are sometimes willing to discount elite
cues (Barber and Pope 2019; Bullock 2011).

This paper contributes to this active debate with an argument that the persistence
of conflicting findings is, at least in part, the product of the measures of public opinion
that researchers rely on.3 Specifically, we argue that (1) differences in the way specific
questions are worded, and (2) the components and structure of the survey as a whole unit
can prime differential levels partisan motivated responding. In particular, we argue that
a propensity to answer a survey question in a politicized manner lie along a dimension
which we refer to as “tropism”. On the one end of this dimension are “egotropic” questions
which are specific to the respondent and ask about their personal, subjective experiences.
On the other end of this dimension are “sociotropic” questions which reference a broader
community, and ask the respondent to assess the aggregate welfare of this group (this
nomenclature will be familiar to scholars of economic voting, and further context is

provided in the next section).

We posit that more sociotropic questions are more vulnerable to partisan motivated
responding because respondents are more likely to interpret the question as a referendum
on political leadership. Furthermore, we expect this variation to obtain both at the question

level (i.e., a more sociotropic question will elicit greater partisan motivated responding) as

3While our work relates to the literature on partisan motivated reasoning, a phenomenon
carrying sweeping implications for theories of the public’s policy preferences and ability
to hold elected representatives accountable, our object of study is partisan motivated
responding. Because the latter can be a barrier to applied researchers who use survey
self-reports to evaluate theories of information processing, we seek to draw attention to
measurement issues in this paper.
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well as the survey level (i.e., a survey with fewer egotropic questions will elicit greater
partisan motivated responding across all question types). We test these expectations with a
subset of questions that pertain to economic well-being that were asked daily of 1,000 U.S.

respondents, 350 days per year between 2008 and 2018 by the polling company Gallup.

We find evidence consistent with our expectations by demonstrating that (1)
survey questions which tap into more sociotropic evaluations are better predicted with
the respondent’s partisanship, (2) questions about macro-level phenomena exhibit more
dramatic reversals when the party of the president changes, and (3) that the decision
by Gallup to separate their daily surveys into two subsets on January 1st, 2013 led to
increasingly politically motivated responses on the same questions after a battery of

egotropically-worded questions was removed.

These patterns are consistent with a Zallerian understanding of considerations
(Zaller 1992). We posit that there are a set of considerations that prime respondents to
respond in a more partisan way, and that these considerations are endogenous to survey
wording and design. Macro-level questions invite partisan considerations, as do surveys
about the economy that include questions about politics. Put simply, individuals needn’t

rely on partisan heuristics, but can easily slip into this mindset.

While we are unable to tease apart how much of this variation is a reflection of
purely expressive responding (i.e., partisan “cheerleading”) versus boundedly-rational
responding (i.e., believing that the economy is doing better because one trusts their
copartisan leaders to be better stewards of the economy), our findings do suggest an
important influence of question wording and survey design on the empirical evidence for

political polarization in the United States.

Theoretical Intuition

Before describing the intuition by which question wording might elicit more
politicized responses, we review the concepts of socio- and egotropism, which are terms
that can help us distinguish between two types of considerations voters may have when



making decisions, and the concept of a “consideration” itself, which we summarize from
Zaller 1992.

A “consideration” is an attribute or aspect of a political topic that influences an
individual’s summary judgement on that issue by combining cognition and affect. As
in Zaller’s original description, a relevant consideration to the political topic of defense
spending is that the Pentagon spends too much money — a consideration that combines
a cognitive piece (e.g. thinking about Pentagon spending) with the affect of believing
this amount is excessive. In our setting, a relevant consideration to the topic of the
economy is the responsibility attributed to one party or another for overseeing the economy:
a consideration that combines the cognition of thinking about how much control the
president or partisans in Congress might actually have, with the affect of whether the
respondent views a given political party in a positive or a negative light. The consideration
of partisan responsibility is thus the core explanation for the degree to which a survey
response exhibits some type of partisan bias, either due to cheerleading or bounded rational

expectations.

Turning to the terms “egotropism” and “sociotropism”, both adjectives incorporate
the root word “tropic,” derived from the Greek tropos meaning a turning or an orientation.
In a broader scientific context, tropic tends to describe an orientation toward a particular
stimulus or objective. In biology, for instance, plants exhibit “phototropic” behavior
when they orient themselves and grow toward a light source. Within social sciences, an
orientation or inclination in decision-making can also be conceptualized in such tropic
terms: thus, sociotropic denotes an orientation towards societal concerns, egotropic
indicates an orientation towards personal concerns, and a middle ground has been
labelled “communotropic” (Rogers and Tyszler 2018) or also “mecro-economic voting”
(Ansolabehere, Meredith, and Snowberg 2014), and the relationships between community-
level outcomes and economic evaluations have also recently been examined (Bisbee and
Zilinsky 2023).

Combining these perspectives, our core claim is that the consideration of partisan
responsibility is more likely to be activated when a survey question is worded in a more
sociotropic way, or is surrounded by many other sociotropic questions. For example, asking
about the “state of the national economy” is often used as proxy for how the public perceives



economic conditions, but it may also activate the consideration of partisan responsibility
due to its sociotropic framing, which then injects partisan bias into responses.* Conversely,
asking about an individual’s satisfaction with their finances is an alternative measure of
the public’s perception of economic conditions, which is less likely to activate the partisan
responsibility consideration. Similarly, asking a question about personal finances in the
context of a survey that asks a battery of questions about politics will activate the partisan
responsibility consideration, even though the question itself is worded in an egotropic way.

The preceding argument motivates the following empirical expectations:

H1: Sociotropically-phrased questions should exhibit greater partisan bias

than ecotropically-phrased questions.

H2: Removing egotropically-phrased questions from a survey will increase

the overall partisan bias found across all questions.

We evaluate these two hypotheses in the following sections.

Data and Methods

Data

We describe empirical patterns that are consistent with our framework using daily
Gallup survey data from 2008 to 2018. These data ask a variety of questions that, we
argue, provide variation in the spectrum of interest: egotropism on the one hand and

sociotropism on the other. This variation manifests in two ways. The first dimension

4But even if respondents are more likely view such a question as an opportunity to give
voice to their partisan opinions (relative to questions which elicit egotropic evaluations),
we do not mean to suggest that response substitution is inevitable. Rather, our aim is to
quantify the possibility that a response is influenced by respondents’ partisan identities.



of variation is across questions pertaining to economic and financial conditions, which
varied in the degree to which they present egotropic versus sociotropic frames. The list of
questions we examine is presented below, ranging from the most egotropic to the most
sociotropic, along with reference questions which we would expect to be highly politicized.

We bold parts of each question which pertain to the dimension of tropism.>

* Economic situation (personal and national):

— “Are you satisfied or dissatisfied with your standard of living, all the things
you can buy and do?”

— “[Agree/Dis] Compared to the people you spend time with, you are satisfied
with your standard of living.”

— “Have there been times in the past twelve months when you did not have

enough money: To buy food that you or your family needed?”

— “Would you be able right now to make a major purchase, such as a car,

appliance, or furniture, or pay for a significant home repair if you needed to?”

— “At this time, are you cutting back on how much money you spend each week,

or not?”
— “Did you worry yesterday that you spent too much money, or not?”
— “[Agree/Dis] In the last seven days, you have worried about money.”
— “[Agree/Dis] You have more than enough money to do what you want to do.”

— “[Agree/Dis] You are watching your spending very closely.”

5Note that our operationalization of the concept of tropism is necessarily coarse. We
do not mean to suggest that second-person pronouns guarantee insulating from partisan
motivated responding, nor that a mention of a country writ large invites this type of bias.
For example, the life ladder questions — despite not explicitly referencing the country
writ large — nevertheless evoke comparisons to a hypothetical life that might prompt
considerations of a broader reference group. Similarly, the standard of living implicitly
suggests a comparison group against which one’s standard is measured. Conversely,
precise questions about instances over the past 12 months in which the respondent did
not have enough money, are less likely to stimulate sociotropic considerations, and are
therefore less amenable to partisan motivated responding.



— “Do you have enough money to buy the things you need, or not?”
— “Are you feeling better about your financial situation these days, or not?”

— “Are you feeling pretty good these days about the amount of money you have

to spend, or not?”’

— “How would you rate economic conditions in this country today — as excellent,

good, only fair, or poor?”

— “Right now, do you think that economic conditions in this country, as a whole,

are getting better or getting worse?”
 Life Ladder

— “Please imagine a ladder with steps numbered from zero at the bottom to ten
at the top. The top of the ladder represents the best possible life for you and
the bottom of the ladder represents the worst possible life for you. On which

step of the ladder would you say you personally feel you stand at this time?”

— “Please imagine a ladder with steps numbered from zero at the bottom to ten
at the top. The top of the ladder represents the best possible life for you and
the bottom of the ladder represents the worst possible life for you. On which

step of the ladder would you say you will stand about five years from now?”

— “You are proud of your community or the area where you live.”
* Pure politics:
— “Do you approve or disapprove of the way Donald Trump is handling his job
as president?”

— “Do you have a favorable or unfavorable opinion of Hillary Clinton, or haven’t
you heard of them?”

— “Do you approve or disapprove of the way Barack Obama is handling his job
as president?”

The second dimension of variation is found within survey questions thanks to
a design change Gallup implemented on January Ist, 2013. Prior to this date, Gallup

included the above-listed questions of interest along with a battery of questions about the



respondents’ physical and emotional health, all of which were asked to a daily sample
of 1,000 respondents. After January Ist, 2013, Gallup divided its daily sample of 1,000
respondents into two groups of 500, one of which was given only the strictly egotropic
questions about their mental and emotional well-being, while the other answered only
the battery of economic and financial questions. This decision meant that respondents
who had previously been asked about their financial situation as part of a broader survey
asking about their weight, stress levels, and other health issues, began answering the same
question in a smaller survey that only asked about a range of economic and financial
questions, along with explicitly political questions regarding presidential approval, trust
in government and policy preferences. We argue that this shift in the design made
even the most egotropically-phrased questions about economics more sociotropic by
association, thereby prompting more partisan considerations and, by extension, more

partisan responses.

The individual-level responses from Gallup are geocoded, allowing us to merge in
an extensive set of contextual variables with each respondent. This additional information
will allow us to account for the state of the community where respondents live. This is
important because, if we observe that Democrats and Republicans systematically report,
for instance, diverging economic expectations, we need to account for the possibility that
one of these groups may reside in areas which are economically declining/improving at a
particular point in time, and differentially from the other group(s).

Methods

To characterize the degree to which these questions evoke partisan bias in responses,
we employ two complementary approaches. Our first approach measures how important
different variables are for predicting the outcomes of interest. To do so, we combine a
random forest model with permutation analysis. The random forest algorithm relieves
us from having to either assume that every predictor enters linearly, or to determine the
functional form a priori. Furthermore, random forests rely on searching across random
selections of the covariate space for break points that best divide observations by the

outcome of interest. Using this non-parametric machine learning algorithm, we use
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permutation methods wherein we randomly reshuffle predictors one at a time, and compare
the model’s predictive accuracy under the permuted setting to that obtained with the
original data. Predictors whose permutations produce more substantial declines in the
random forest algorithm’s predictive accuracy are interpreted to be more important to

characterizing an outcome.®

Our second approach is more descriptive in nature and simply documents the
rapid pivots in evaluations of the national economy that correspond to changes in the
office of the president. Specifically we focus on two changes in the partisanship of the
president: the transition from George W. Bush to Barack Obama in January of 2009, and
the transition from Barack Obama to Donald Trump in January of 2017. We examine the
degree to which co-partisans of the preceding president shifted their responses to a variety
of nominally non-partisan survey questions. We interpret questions which exhibit dramatic
shifts in opinions associated with the change in the presidency as more susceptible to
partisan motivated responding. Furthermore, we argue that the speed of these shifts is
unlikely to reflect rational updating about future conditions, and is instead more plausibly
connected to expressive responding.”

Finally, we combine these tools to document the over-time trends in the variable
importance measure for partisanship. If the explanatory power of partisanship spikes prior
to presidential elections — especially for the more sociotropically-framed questions —
such behaviors of survey respondents would be consistent with our theoretical framework.
In addition, we compare the predictive power of partisanship just before, and just following,
the change in Gallup’s survey design on January 1st, 2013.

6We demonstrate that our conclusions are robust to alternative methods — including
LASSO regressions (Figure S2) as well as calculating the expected percentage reduction in
error (ePRE, Herron 1999) from a logistic regression model (Figure S3) — in the Supporting

Information.
7We argue that, while there might be (boundedly) rational explanations for updating

one’s beliefs about the future health of the economy, this seems less plausible for
contemporary questions about how the economy is doing today.
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Results

We divide the presentation of our results according to the methods described above.
First, we examine measures of variable importance across outcomes. We expect to find
that the relative importance of partisanship in predicting outcomes varies as a function of
how egotropic the questions are, with the most egotropic questions being least associated
with partisanship and the most sociotropic questions exhibiting evidence consistent with
partisan motivated responding. Second, we exploit the rich time series cross sectional
nature of our data to test whether partisan motivated responding is stable over time. We
expect the importance of party affiliation (for sociotropic questions) will increase in the
weeks and months prior to national elections, and that there should be evidence of a rapid

flip among partisans following a change in the partisanship of the elected president.

Variable Importance

We begin with estimating a measure of variable importance which calculates the
reduction in a model’s predictive accuracy when one of the variables is randomly reshuffled
(permuted) — breaking the empirical relationship between it and the outcome — while
holding all other variables constant. Here, the baseline performance is the fully specified
model with all variables unpermuted. Importantly, this comparison captures the relative
decline in model performance when all other predictors are included. Specifically, we
estimate a set of random forests predicting responses to 17 survey questions, and predictor
of interest is partisanship. Other potential predictors include respondents’ income, gender,
age, education, and information about data the economy (county labor force measures
including the unemployment rate, the labor force participation rate, average wages,
and employment by industry), crime (county arrests per capita by offense), demographic
composition (county population by race, age, gender, and rural) and public health outcomes
in the respondents’ communities (male and female death rates and life expectancies by
age cohort). We find that when a question is either political or sociotropic nature, these
question characteristics are strongly associated with the degree to which partisanship — and
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by extension, partisan motivated responding — influences survey responses (Figure 1).3
Consistent with our theoretical argument, partisanship is approximately twice as predictive
in evaluating the national economy as it is in forecasting respondents’ (self-reported)

feelings about their personal financial situation.

How influential is party ID relative to other predictors? Figure 2 compares the
variable importance for a selection of individual and contextual-level measures across two
outcome measures: whether the respondent has enough money (egotropic) and whether
the respondent thinks that the national economy is improving (sociotropic). Consistent
with expectations, non-political predictors are substantially less prognostic of the more
sociotropic question, and substantially more prognostic of the more egotropic question.
For example, average local wages are more prognostic of responses An important extension
to our work that is beyond the scope of this paper would involve a systematic analysis of
the contextual measures of local economic, health, and crime-related factors to understand
the degree to which these presumably important phenomena are reflected in survey

self-reports.®

Flip-flopping with the President

To motivate the subsequent analysis, consider this purely descriptive plot of daily
views of the economy, broken out by party ID (Figure 3). There is striking evidence
that Democrats and Republicans effectively traded places in the weeks following the
inauguration of new presidents (Obama in January of 2009, Trump in January of 2017).
While this dataset is not a genuine panel (same individuals are not observed over time),
these data are based on nationally representative samples, making it quite implausible

that these patterns could be explained by wholly different partisans responding after each

8This approach to variable importance allows us to compare different types of outcome

variables, including those with ordinal responses.
9Regressions of this nature lie at the heart of a rich literature in IPE (among other

subfields) that seeks to link the local consequences of import competition and offshoring
with political beliefs. See Mansfield and Mutz 2009; Ballard-Rosa, Jensen, and Scheve
2022 for some examples.
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Variable importance: party ID by outcome
Permutation tests using random forests
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spent too much money, or not?
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Figure 1. Percent reduction in model accuracy (x-axis) associated with permuting the respondent’s
partisanship, relative to a random forest with an exhaustive set of individual and contextual
predictors, across survey questions (y-axis). Upper and lower bounds based on 10-fold cross
validation indicated with the widths of the boxes.

inauguration from those that responded prior. Instead, this can be viewed as clear evidence
of motivated views and specifically — unless partisans truly modified their beliefs in a

short span — motivated responding.

Nevertheless, there might be confounders which explain these transitions. For
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Variable importance: comparing two outcomes
Permutation tests using random forests
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Figure 2. Percent reduction in model accuracy (x-axis) associated with permuting predictors
(y-axis), relative to a random forest with an exhaustive set of individual and contextual predictors,
comparing a sociotropic question on the national economy (in grey) to an egotropic question
on whether the respondent has enough money (yellow color). Upper and lower bounds based
on 10-fold cross validation indicated with the widths of the boxes. Each row indicates whether
a variable was measured by Gallup and pertains to respondents (“Indiv.”) or whether it is a
contextual variable which was merged with the observations in the individual-level Gallup data (e.g.
“Dem.”=demographics; “HIth”=local health outcomes).

example, dissatisfaction with the 2008 election outcome might correspond to negative
outcomes in Republican areas, producing bleaker views as a function of genuine beliefs
about the economy instead of purely expressive responding. To account for similar
possibilities, we run a flexible random forest model that predicts different outcomes as a
function of all individual and contextual predictors for each money in the data, and then
use these models to predict opinions over time by party ID. Figure 4 visualizes the results
from a selection of outcomes, ranging from the most egotropic (whether a respondent
experienced stress during the preceding day) on the top to the most sociotropic (whether
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Daily average views by party ID
Economic conditions in the country

?

., Excellent

Good 4

Only fair q

How would you rate economic conditions in this country today’

Poor 4
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Interview Date

# Responding 100 250 500 Party ® Democrat ® Republican

Figure 3. Daily average views of the economy on a 4-point scale by party ID of the respondent.
Partisans include leaners (Independents and non-responders are dropped). Dashed vertical lines
denote inauguration dates.

the national economy is improving) in the bottom panel. As illustrated, the evidence of
flips in responses by partisans around the inaugurations of Obama and Trump is striking

for the most sociotropic measures, and less so as we move up the panels of the figure.

The Dynamics of Variable Importance

In our next analysis, we combine the two preceding approaches and calculate
variable importance as a function of time. Specifically, we show in Figure 5 that the
predictive power of party ID for sociotropic measures tracks election cycles, with increasing

relevance in the final months of a presidential campaign, and diminishing strikingly during
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Did you experience stress
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Figure 4.  Predicted attitudes from flexible random forest model.

the period between the election and the inauguration (indicated by grey rectangles in
Figure 5. This over-time evidence is not found for the egotropic question about whether
the respondent has enough money, although there is a small increase in party ID after

Trump’s inauguration.

The monthly evidence reported in Figure 5 is consistent with campaign effects

and with the conjecture that subjective reports of (national) economic conditions are less
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informative (or at least answered ‘less truthfully’) during intense electoral campaigns.
Conversely, responses to a question about personal finances are less tainted by partisan
motivated responding, and the (limited) influence of partisanship is stable over entire
(4-year) electoral terms of U.S. presidents.

Variable importance: party ID over time
Permutation tests using random forests
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Outcome How would you rate economic Enough money to buy food
conditions in this country today? that you or your family needed?

Figure 5. Variable importance of party affiliation (from models estimated on a monthly basis), for
two outcomes: whether the national economy is improving (grey) and whether the respondent has
enough money (orange).

Survey Design

The preceding analyses all rest on our interpretation of some questions as more
sociotropic than others, which we posit can elicit more partisan considerations and, thus,
more expressive responding. While we feel comfortable in our claim that the phrasing of
questions about the national economy are more sociotropic in nature than questions about
whether the respondent has enough money, we recognize that these are subjective claims.
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To further support our argument that the sociotropic nature of survey design can elicit
more expressive responding along partisan lines, we hold constant the survey questions
and document how the predictive power of partisanship shifts along with the overarching

design of the survey.

Specifically, we take advantage of a change in the design of the daily Gallup
tracking polls that occurred on January 1Ist, 2013. Prior to this date, all questions were
asked of 1,000 respondents daily, including both questions on politics and the economy,
as well as questions on personal health. After January Ist, 2013, Gallup divided these
into two separate surveys, each fielded to 500 respondents. Importantly, prior to this
date, many of the more egotropic questions pertaining to the respondent’s economic
situation were located after the battery of well-being questions that asked about deeply
personal issues involving physical and mental health. But when these surveys were split
apart, the same egotropic questions regarding the respondent’s economic situation were
no longer embedded among a broader set of strictly egotropic questions. If the relevant
considerations that prompt expressive responding are sensitive not just to a specific
question, but also to the broader organization of a survey, we would expect to find greater
evidence of expressive responding on the same egotropic questions after January 1st, 2013
when they are no longer associated with a broader battery of strictly personal questions

about physical and mental health (in line with H2).

Indeed, this appears to be the case, as illustrated in Figure 6 which plots the
variable importance of partisanship on a number of egotropic questions pertaining to the
respondent’s economic situation. Vertical dashed lines indicate the January 1st, 2013 date
when the sample was divided, and participants responding to these egotropic questions
were no longer doing so as part of a larger battery of questions about their mental and
physical well-being. As illustrated, across all egotropic questions there is clear evidence
of a discontinuous increase in the predictive power of the respondent’s partisanship after
January 1st, 2013. Indeed, Bayesian Change Point tests confirm the visual intuition,
identifying this date as when there is a structural break in the time series measure of the

importance of partisanship (see the Supporting Information).

Note, however, that (for a subset of items) there is also evidence of “anticipation”,

indicating that there might be more at play here than only the change in the survey design.
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Variable Importance of Partisanship
Egotropic questions, comparing before and after Jan 1, 2013
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Figure 6. Variable importance of party affiliation (from models estimated on a monthly basis) on
a battery of egotropically-phrased questions about the respondent’s economic condition. Loess
smoothers fit separately prior to, and following, January 1st 2013 when Gallup split the survey into
two samples.

One potential explanation might be the expiration of the Bush-era tax cuts which the
Obama administration allowed to lapse at the beginning of 2013. Another might be
the simpler argument that all public opinion becomes more partisan during presidential
elections, such as the one that occurred in the fall of 2012. Indeed, descriptive evidence
of the partisan gap suggests that the increase in variable importance is driven more
by Republican respondents, who grow significantly less optimistic about their personal

finances after January Ist.

Nevertheless, we argue that the sharp discontinuity around this date is unlikely
to solely reflect the expiration of the tax cuts, nor the increased salience of partisanship
around the 2012 presidential election. While these events may have helped increase the
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predictive power of partisanship in the preceding months, across all facets the discontinuity
between December and January is stark. We argue that these patterns are consistent with
our theory about how the design of surveys, both in terms of the wording of specific

questions as well as in the overall emphasis of a survey, can exaggerate partisan differences.

Conclusion

The degree to which partisan motivated reasoning dominates the public’s views on
politically relevant issues is a crucial question in political science. However, relying on
self-reported responses to survey questions risks conflating partisan motivated reasoning
with partisan motivated responding, in which responses may not reflect true beliefs. In
this letter, we proposed a structured way of thinking about survey question design that
we argue correlates with motivated responding. We argue that the “macro” nature of the
question can facilitate partisan behavior (e.g. cheerleading or, conversely, faultfinding on
surveys) by making it easier for respondents to engage in response substitution (linking
their answers to a question about the economy to considerations of co- or out-partisan

leadership).©

We demonstrate that the respondents’ partisanship is less prognostic of more
micro-level questions, and that these questions exhibit less evidence of flip-flopping as
a new partisan takes over the presidency. We interpret these patterns as evidence of
partisan motivated responding, and argue the nature of the survey question constitutes

an important but underappreciated dimension of concern. This represents a modest but

10This extends prior work on the sensitivity of survey responses to question ordering,
among other factors; see, e.g. Palmer and Duch (2001). Separately, no evidence of
partisan priming effects is found in Tyler and Iyengar (2023) in the context of thermometer
questions for estimating affective polarization. In the latter experiment, participants who
completed a survey largely devoid of political content before giving their thermometer
scores showed similar levels of polarization to those who responded to an extensive set of
politically charged evaluations with obvious partisan valence. Their outcome measure,
however, was purely political, whereas our interest lies in the politicization of economic
evaluations.
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informative contribution to the study of political behavior and public opinion writ large,
and provides a systematic way of interpreting existing evidence of partisan motivated
reasoning. One corollary for the design of future surveys is that limiting the number of
political questions, and asking respondents about personal experiences or perceptions,

can reduce the likelihood that answers to the remaining survey questions will be unduly
politicized.
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Supporting information

Data Sources

We list the sources of our data (which we merged with the Gallup individual-level
data) in Table S1 below. All sources are public with the exception of the Gallup data itself,

which we obtained via our institution with geolocated respondents.

Variable Source
Unemployment rate BLS
Labor force participation rate BLS
Total employment QCEW
Wages QCEW
Death rates CDC
Life expectancy IHME*
Crime / arrests UCR (FBI)

Note: *Institute for Health Metrics and Evaluation
TABLE S1 Contextual variables used as (potential) predictors of answers to questions about life,
emotions, and the economy.
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Alternative Measures of Variable Importance

Our main results rely on permutation tests of variable importance using a random
forest. Below, we confirm our findings are robust to alternative approaches to evaluating
which measures are most prognostic, including LASSO regressions and expected percentage
reduction in error (ePRE, Herron 1999), the latter of which is very similar in spirit to the

permutation tests of our main results.

Starting with the LASSO approach, we visualize two questions from 2016 in Figure
S1. In the left panel, we demonstrate that the most prognostic covariates of an individual’s
satisfaction with their standard of living include their income, marital status, educational
attainment, and age. In the right panel, we find that their views of the national economy

are far more strongly associated with their partisanship.

How do these results generalize across all outcomes and all periods? Figure S2
summarizes the LASSO results by indicating the A penalty at which each predictor is
included, and highlighting the highest predictor with solid black borders. As illustrated,
partisanship is the most important predictor for questions about the trend of the national
economy, the current state of the national economy, and then approval for presidents
Obama and Trump, as well as Hillary Clinton’s favorability. As we move down the
y-axis toward more egotropically-framed outcomes, we find weaker predictive power of

partisanship, replaced by age, income, and marital status.

An alternative approach to characterizing the prognostic power of a variable is
to evaluate how much better we are at predicting an outcome when we add partisanship
to a regression model. The simplest version of this is to compare a naive model that
simply predicts the modal outcome category to a logistic regression of the outcome on
an indicator for whether the respondent is a co-partisan of the president. We summarize
the improvement in predictive accuracy using the expected percentage reduction in error
(ePRE, Herron 1999) and visualize the results in Figure S3, which support our substantive
argument that sociotropically framed questions are more sensitive to partisan motivated

responding.
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simulations. Data: 2016 Gallup responses augmented with contextual data (see Table S1).



Most Important Predictor Categories by Outcome: 2008-2018
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Y = f(copartisan with the sitting president)

Do you approve or disapprove of the way |
Donald Trump is handling his job as president?

Do you approve or disapprove of the way |
Barack Obama is handling his job as president?
Do you have a favorable or unfavorable opinion of |
Hillary Clinton, or haven't you heard of them?
Right now, do you think that economic conditions in this |
country, as a whole, are getting better or getting worse?
Are you feeling better about your |
financial situation these days, or not?
How would you rate economic |
conditions in this country today?
Are you feeling pretty good these days about the |
amount of money you have to spend, or not?
At this time, are you cutting back on how |
much money you spend each week, or not?
[AGREE/DIS] You are watching your |
spending very closely.
[AGREE/DIS] You have more than enough |
money to do what you want to do.

Did you worry yesterday that you |
spent too much money, or not?

Outcome variable

Have there been times in the past twelve months when you did not |
have enough money to buy food that you or your family needed?

Would you be able right now to make a major purchase, such as a car, |
appliance, or furniture, or pay for a significant home repair if you needed to?

Are you satisfied or dissatisfied with your standard |
of living, all the things you can buy and do?

Did you experience the following feelings |
during a lot of the day yesterday? Sadness

Did you experience the following feelings |
during a lot of the day yesterday? Stress

Did you experience the following feelings |
during a lot of the day yesterday? Happiness

Did you experience the following feelings |

during a lot of the day yesterday? Worry

Logit models
—e
_‘

-°
®
h
[ ]
°
[ ]
[ ]
°
°
°
[ ]
°
[ ]
0.0 02 04

Expected proportional reduction in error

Figure S3.  Expected percentage reduction in error (ePRE, Herron 1999) (x-axis) associated with
the inclusion of an indicator for co-partisanship with the president, across binary survey questions

(y-axis).
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Extended Analysis of Survey Design Change

Our main analyses focused on the change in the variable importance measure of
partisanship just prior to, and just following, the change in Gallup’s survey design on

January Ist, 2013. We present several extensions here.

First, we evaluate these results subject to finer-grained temporal units, including
weeks and days. As illustrated in Figures S4 and S5, the substantive conclusions hold,

albeit with increasing noise as we disaggregate to smaller temporal units.
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Egotropic questions, comparing before and after Jan 1, 2013
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Figure S4. Variable importance of party affiliation (from models estimated on a monthly basis)
on a battery of egotropically-phrased questions about the respondent’s economic condition. Loess
smoothers fit separately prior to, and following, January 1st 2013 when Gallup split the survey into
two samples. Data aggregated to week level.

Second, we apply Bayesian Change Point Analysis (BCP) to let the data inform if
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Figure S5. Variable importance of party affiliation (from models estimated on a monthly basis)
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two samples. Data aggregated to day level.

and when a discontinuous break appears in these data. As illustrated in Figures S6, S7,
and S8, the analysis consistently chooses the period on or around January 1st, 2013 across

different outcomes, regardless of whether we aggregate to the month, week, or day.
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Party ID Variable Importance
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